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INTUITION

The same painting can invite different creative readings. If people evaluate creativity
differently, why should AI assume a single creativity score?

Social-Historical Formalist Iconographic

Can we model the evaluator's interpretive perspective computationally?



02 — THE PROBLEM

Creativity according to whom?

MOST EVALUATIONS THIS PAPER ASKS
“Can the same artwork receive
Artwork Artwork , ,
different, but systematic
| | evaluations depending on the

Creativity score Interpretive perspective interpretive perspective?”

!

Creativity score



04 — PERSONAS

Three Interpretive Lenses

PERSONA READS FOR PERSONA READS FOR PERSONA READS FOR

Formalist Visual form, Social-Historical Historical, Iconographic Symbols, allegory,
composition, and cultural, and social and meaning
technique context

Same artwork « Same creativity rubric « Different persona prompt



03 — 4 WORLD CREATIVITY FRAMEWORK

A shared vocabulary for creativity

Inner Outer “We use an existing twelve-trait
- Emotional Intensity - Cultural Situatedness .
- Memory Imprint - Environmental Dialogicity rubric as a structured vocab uzary
- Personal Symbolism - Social Reflexivit . . . .
Y d for discussing creativity.”
Imaginative Moral
- Surreal Divergence - Ethical Provocation
- Symbolic Density - Collective Resonance
- Playful Subversion - Redemptive Arc Link to the paper which

discusses the creativity
framework (Page 2)




05 — PIPELINE

Operationalizing Interpretative Perspectives

1,060 3
SemArt — personas or,
paintings

interpretive
perspectives

12

creativity
traits

1. We compare the creativity scores statistically across personas.
2. We ask whether these persona-conditioned evaluations also correspond to different orientations within a shared

CLIP representation space.

—)

One Artifact,

GPT-4.1

evaluator

—)

Many Reads

38,484

scores



06 — MAIN FINDING

Social Reflexivity
Symbolic Density
Collective Resonance
Ethical Provocation
Personal Symbolism
Redemptive Arc
Playful Subversion
Memory Imprint
Emotional Intensity
Surreal Divergence
Cultural Situatedness

Environmental Dialogicity

Disagreement has some structure

Social-His

B Formalist B Tconographic .
+ R torical

mean trait score - 0 — 4

Social-Historical

1 higher Social Reflexivity

Iconographic

1 higher Symbolic Density

Some creativity traits are far more
perspective-sensitive than others.




07 — TRAIT SENSITIVITY

Effect Size — Kendall’s W

Social Reflexivity
Symbolic Density
Collective Resonance
Ethical Provocation
Personal Symbolism
Redemptive Arc
Playful Subversion
Memory Imprint
Emotional Intensity
Surreal Divergence
Cultural Situatedness

Environmental Dialogicity

Perspective sensitivity varies across creativity traits

+ MOST AFFECTED

.79

.71

.48

.41

.32

.24

.19

.17

.16

.14

.12

.11

Perspective has its largest effect on socially and symbolically oriented traits

and far less on the rest.
. LEAST AFFECTED



07 — ONE ARTWORK, THREE READINGS

TRAIT Formalist Iconogr. Soc.-Hist.
Social - 0 1

Reflexivity

C}lltural 5 3

Situatedness

Collective 0 1

Resonance

Emotl?nal 1 1

Intensity

Same painting. Some traits change. Others don't.

Jean-Baptiste-Siméon Chardin - Water Glass and Jug (c. 1760)- the
most divergent work in the dataset



08 — REPRESENTATION SPACE

Different perspectives correspond to different orientations in a shared representation

space
COSINE SIM.
Same artwork Social Reflexivity
Personal Symbolism
‘ Cultural Situatedness
Same CLIP embedding Symbolic Density
Collective Resonance
‘ Memory Imprint
Three persona-specific probes Playtul Subversion
Environmental
‘ Dialogicity
Ethical Provocation 0.70 0.76 0.82
Compare probe directions Redemptive Arc 0.78 0.76 0.76
‘ Emotional Intensity 0.85 0.80 0.78
Surreal Divergence 0.80 0.81 0.85

Cosine similarity Darker = lower similarity - Different perspectives correspond to different orientations
within the same representation space.



09 — CONTRIBUTIONS

Contributions

01 Interpretive perspectives can be operationalized computationally.

02 Creativity assessments vary systematically across perspectives but not equally

across all traits.

’° Persona-conditioned evaluations correspond to different orientations in a shared

representation space.



11 — IMPLICATIONS Human—-AI Co-Creation

Why does this matter?
CURRENT SYSTEMS FUTURE

Generate Generate
| !

One evaluator Creative according to whom?
! !

Optimize Different creative feedback

Refinement

Future co-creative systems could incorporate multiple evaluative perspectives rather

than assuming a single evaluator.



This work doesn't propose a new definition
of creativity. Instead, it argues that
computational creativity evaluation should
explicitly model the evaluator's interpretive

perspective.

Creative according to whom?



